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Abstract :

The time series analysis is considered of the important statistics topics which concerned with the
study phenomena behavior and interpret them at periods of time. Through a general description
of time series and forming a suitable model for time series behavior interpretation for forecasting

The aim of research is to build a forecasting model to the electricity power consumption in AL -
Qadisiya province at the period (2005 - 2012) by using Box Jenkins model in time series and
Artificial Neural Networks (ANN) model . The results showed superiority of artificial neural
networks by using some error criterion.
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Abstract

This paper compares between maximum likelihood and bayes estimators of scale
parameter and reliability (of Rayleigh distribution and the normal distribution) according to
actual data of temperature, wind speed and dust ratio of Ad-Diwaniya city from interval 1998
to 2010 of temperature and wind speed and from 1990 to 2008 to dust ratio, The statistical
scale used is mean square error and mean absolute percentage error as a base of comparison.
it is concluded that bayes extension estimator when C1=3 is the best in temperature

(max.,min.) and wind speed, but Maximum likelihood estimator is the best in dust ratio.

Aaasal) -1

L) o e 1slse 5 clialaia¥ly cllaall il b odialll 5 elalall alaial e 4 sal) ) shall b
, ) Lias allall Jg ST 8 caat 3l Ayl 2Ll 5 alla oo al shall Gl aal (g Jals gt Jilaig
Zhol oAt iy (aamll Lewans e Ay (Ol Ay bl Ao ) 351 all da 2) ) bl ) ciidl G
s )y L) Gl AL o el (pa 8 S ABS Ll e By Ll 2l 5 el iy s (1902, L)
By ) sae b el g Lalits) sy Las (Rel/pS 30 ) o ST e bl e ju 0585 Y Tan Ble Gy
ol e Laii (e 508 100 ) 0o e Ul slaii Y aaall 5 e Sls e 5k Ll e e IS
Glhaliall & ASSaall Lndandl 4 5l (g Al siiall 2y 53Y0 Alasa (S5 (S AGE/ e 8 ) M on Leie pus Bl



